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Abstract In contrast with what we perceive is the conventional wisdom about setting a
second-best emissions tax to control a uniformly mixed pollutant under uncertainty, we dem-
onstrate that setting a uniform tax equal to expected marginal damage is not generally efficient
under incomplete information about firms’ abatement costs and damages from pollution. We
show that efficient taxes will deviate from expected marginal damage if marginal damage
is increasing and there is uncertainty about the slopes of the marginal abatement costs of
regulated firms. Moreover, tax rates will vary across firms if a regulator can use observable
firm-level characteristics to gain some information about how the firms’ marginal abatement
costs vary.
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Uncertainty
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1 Introduction

In a first-best world an optimal tax to control emissions of a uniformly mixed pollutant
involves a uniform per unit tax set equal to marginal damage from emissions at the effi-
cient level of aggregate emissions. It is clear that many environmental economists’ intuition
about emissions taxes under incomplete information, particularly about firms’ abatement
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costs, follows from the first-best result. That is, when a regulator is uncertain about firms’
marginal abatement costs and perhaps marginal damage, the optimal tax is a uniform tax
that is equal to expected marginal damage. The value of a uniform tax in this setting is
probably the main reason for implementing price-based controls. A uniform tax leads to
the distribution of emissions control that equates marginal abatement costs across sources
of pollution: hence, despite the uncertainty about the level of aggregate control induced
by a tax, the aggregate abatement costs of achieving the resulting level of control will be
minimized.

This intuition is clearly evident in analyses of the relative efficiency of emissions taxes
and competitive markets for transferable emissions quotas that began with Weitzman (1974)
seminal work. The canonical analysis of price-based versus quantity-based emissions control
features a tax set equal to expected marginal damage versus a competitive emissions trading
program that produces an expected permit price that is equal to expected marginal damage.
Even those that build on the difference between taxes and transferable permits under uncer-
tainty by suggesting policies that combine price and quantity controls maintain a uniform
pollution price. For example, Roberts and Spence (1976) note that one of the important
consequences of their policy recommendation to combine price-based and quantity-based
emissions control is that individual marginal abatement costs are equal and aggregate abate-
ment costs are minimized. Kwerel (1977) does the same. Clearly, this result holds only if
emissions are controlled by a single price.

It is well known that a revelation mechanism can be designed that motivates firms to truth-
fully reveal their cost functions so that a regulator can impose emissions taxes that deliver the
first-best outcome (Dasgupta et al. 1980, Sect. 2; Baliga and Maskin 2003). These taxes tend
to be non-linear taxes that vary across firms. However, the revelation approach has not had
a great influence on environmental policy debates; in fact, we know of no attempt to employ
the revelation approach in real pollution control situations.

Like the majority of authors who work in this area, we take a second-best approach to
derive efficient emissions taxes in this note; that is, we derive optimal per unit emissions
taxes given a regulator’s lack of information about firms’ abatement costs and the damage
function. We demonstrate that setting a uniform tax equal to expected marginal damage is not
generally second-best optimal when a regulator has incomplete and asymmetric information
about firms’ abatement costs. In particular, asymmetric information about the slopes of firms’
marginal abatement costs causes taxes to deviate from expected marginal damage. Moreover,
second-best taxes will vary across firms if a regulator can use observable firm-level charac-
teristics to gain some information about how the firms’ marginal abatement costs vary. With
this information, even though it is incomplete, using a tax to equalize the marginal abatement
costs of all sources of pollution is not efficient.

2 The Basic Results

To demonstrate these results we consider a fixed number of n heterogeneous firms. These
firms all emit the same uniformly mixed pollutant. Firm i is described by an abatement cost
function C(g;, x;, &), where g; is the firm’s emissions, x; is a vector of characteristics of firm
i that a regulator can observe, and ¢; is a random parameter from the regulator’s perspective
but it is known to the firm. A firm’s abatement cost function is strictly decreasing and strictly
convex in the firm’s emissions. While we assume that the functional form of abatement costs
does not vary across firms, this is not necessary for our results. Although the form of C does
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not vary, individual firm abatement cost functions vary with differences in their observable
characteristics and the realizations of the random parameter.

Anticipating the possibility that emissions tax rates might vary across firms, let #; be the
tax that i faces. Even though the regulator does not know exactly how the firm will respond
to this tax because of asymmetric information about the firm’s abatement costs, it does know
that it will choose its emissions to equate its marginal abatement costs to the tax. That is,

Cy(qi,xi, &) +1; =0, (nH
which implicitly defines the firm’s emissions as
gi = q(ti, xi, ). (@)
Moreover, the firm’s marginal response to the tax is
qi (i, xise1) = —1/Cuq(qis xi, &) < 0. 3)

Pollution damage is an increasing, convex, and uncertain function of aggregate emissions,
D (Z qi, 8 ) , where § is arandom variable. [Unless indicated otherwise, summations are over
all regulated firms]. The regulator knows the joint distribution of (xy, ..., x,, €1, ..., &y, 8)
so it can form an expectation of the social costs of pollution and its control, conditional on
its observations of (x, ..., x,). This is

E{ZC(C],’,X,’,S,’)-FD(Z%,(S)}« 4)

The regulator chooses individual tax rates, (¢1, ..., f;), to minimize (4) subject to its
knowledge of how the firms will respond to their taxes, ¢; = q(#;, xi, &),i = 1,...,n.
Substitute these constraints into (4) to obtain the regulator’s conditional expectation of the
social cost function in terms of individual emissions taxes(z1, ..., t;):

E [ZC(C](tiaxi, &), Xi, &) + D (Zq(ti,xi, i), 8)] ) 3)

Assuming that (5) is strictly convex in (#1, .. ., t,)and that optimality calls for a positive
tax for each firm, the following first-order conditions uniquely identify the optimal tax rates:

E (Cy(qk (tx Xk, €1), Xk, €)q1 (Tk, Xk, €k))

+E (D/ (Zq(ti, Xis &), 5) 4 (x> X, Sk)) =0, k=1,....n. (©)
From (1) and (3), substitute C; (qk, Xk, €x) = —tx and q; (tk, Xk, €x) = —1/Cyq(qk, Xk» €k
k =1,...,n,into (6) and rearrange the results to obtain

E (D' (X qi, xi, &), 8) (—1/Cqq (k. xk, €)))
E (=1/Cyq(qk. xk. 1))

Finally, use the definition of the covariance between random variables to write (7) as

, k=1,...,n. @)

tr =

Cov(D' (X q(t;. x;. &),8) . —1/Cqq (qr, Xk, €1))
—_— / . . . —
tk—E(D (E q(t,,x,,s,),é))«k ( 1/qu(qk,xk,8k)) , k=1,...,n,

where Cov denotes the covariance operator.
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The first term on the right hand side of (8) is expected marginal damage. Thus, the optimal
emissions tax will be the same for every firm and will be equal to expected marginal damage
if and only if the second term on the right hand side of (8) is zero. Moreover, the second
term is zero if and only if the covariance term is zero. An important special case of this is
when the slopes of the firms’ marginal abatement cost functions are known. This case is
important because it is common to model uncertainty about abatement costs as a random
shift of only the intercept of marginal abatement costs, not their slopes. For example, in
the “prices vs. quantities” literature, Weitzman (1974) focuses on this case, although not
exclusively. The influential textbook treatment of this problem by Baumol and Oates (1988)
takes this approach, as do many recent papers in this literature (e.g. Hoel and Karp (2002);
Newell and Pizer (2003); Moledina et al. (2003), and Quirion (2004)). Perhaps the intuition
that an optimal tax under asymmetric information about firms’ abatement costs is set equal
to expected marginal damage is due, at least in part, to the common simplifying assumption
that the slopes of firms’ marginal abatement costs are known. !

Given asymmetric information about the slopes of firms’ marginal abatement costs, (8)
also suggests that optimal emissions taxes will vary across firms if regulators have at least
some information about how observable firm characteristics affect their marginal abatement
costs. This information could come from empirical studies of how observables like production
and pollution control technologies and input and output levels determine firms’ abatement
costs. In some settings this information may be fairly coarse so that the number of distinct
tax rates is small. For example, suppose in a particular control setting that several industries
contribute to a pollution problem and that regulators know something about how abatement
costs vary across these industries but not about how they vary within industries. Then, the
number of distinct tax rates may simply be equal to the number of industries involved.? For
another example, suppose that regulators have information about how abatement costs vary
with abatement technologies but nothing else. Then the number of tax rates may be equal to
the number of technologies employed.

3 The Role of Incomplete Information in the Determination of Emissions Taxes

In this section we use a relatively simple example to further explore the impact of incomplete
information on optimal individual emissions taxes. Using a specification of marginal costs
from Weitzman (1974, 1978) and Laffont (1977), assume that information about (x, . .., x,)
allows the regulator to estimate the firms’ marginal abatement cost functions as

b;
——Yi,
Blei) "
The regulator is able to estimate the positive constants a; and b;, but with errors «(g;) and
B(ei). Assume E(a(g;)) =0, E(B(g;)) = 1, and each a(g;),i = 1, ..., n, is independent
ofeach B(g;),i = 1, ..., n. The latter assumption is made solely to simplify the analysis and

— Cy(qi, xi, &) = ai +a(g) — i=1,...,n. )

! Others in the “prices vs. quantities” literature have examined the role of uncertainty about the slopes of
marginal cost functions, including Weitzman (1974) in his footnote on p. 486; Malcomson (1978) as well as
Weitzman (1978) reply, and more recently, Hoel and Karp (2001). These papers do not address the issues that
are important to us, namely that asymmetric information about the slopes of marginal abatement costs can
make optimal taxes deviate from expected marginal damage and can make firms’ individual tax rates vary
under specific information conditions.

2 There is precedent for this. Several authors (e.g., Baranzini et al. (2000) and Bye and Nyborg (2003)) note
that carbon taxes in a number of European countries tend to be differentiated by industry. The possible reasons
for this include differences in political leverage and revenue-raising potential across industries.
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does not affect our main results. Note that in this example, we can let x; = (a;, b;). Finally,
suppose that marginal damage is the linear function

D' (X qti,xi.e0.8) =c+5+d Y ql, xi. &), (10)

where ¢ and d are positive constants and § is a random parameter with E (§) = 0.3
For this example, Eq. 8 can be written as

to=c+d Y E(q(ti.xi. &) +dE (qt. x. &) Var(B(ex))

+d D E (gt xi. ) Cov(B(er). Blen) + Cov(s, f(er)). k=1,....n, (11)
i#k

where Var(B(ex)) is the variance of B(gx). (The derivation of Eq. 11 is presented in the
Appendix). Note that the first two terms on the right side of (11) are the regulator’s expecta-
tion of marginal damage, given individual taxes (¢, . . ., #;) and its estimates of the abatement
cost parameters (a;, b;),i = 1,...,n. As we noted in Sect. 2, an optimal policy is to set a
single tax equal to expected marginal damage if the slopes of all the marginal abatement cost
functions are known, because in this case all the variance and covariance terms in (11) are
equal to zero.

However, the third term on the right hand side of (11) is clearly positive when marginal
damage is increasing and the regulator is uncertain about the slope of firm k’s marginal
abatement cost function. Thus the impact of this term on the firm’s tax rate is to push it above
expected marginal damage. Furthermore, the optimal tax rate increases as the regulator’s
uncertainty about f(ex) increases (i.e., it has a higher variance). Recall from Eq. 3 that the
reciprocal of the slope of a firm’s marginal abatement cost function measures the emissions
response of the firm to a marginal increase in its tax. Thus, the greater the regulator’s uncer-
tainty about a firm’s marginal response to an emissions tax, the higher is its optimal tax.
This effect also depends on the convexity of the damage function. For example, it is zero
if marginal damage is a constant (i.e., d = 0). However, a more steeply sloped marginal
damage function implies that each firms’ tax rate exceeds expected marginal damage by a
greater amount.

The reason that asymmetric information about the slope of a firm’s marginal abatement
cost function will tend to call for a tax that is higher than expected marginal damage is the
following. A firm’s reduction in emissions from a higher tax is greater when the slope of
its marginal abatement cost function turns out to be greater than expected (i.e., the function
is flatter than expected). Thus, setting a firm’s tax somewhat higher than expected marginal
damage reduces the welfare loss that occurs if the firm’s marginal abatement cost function
turns out to be flatter than expected by more than it increases the welfare loss if the firm’s
marginal abatement cost function is steeper than expected. It is optimal to set the tax higher
than expected marginal damage to exploit this asymmetry; that is, to exploit the possibility
that a higher tax will induce a greater emissions reduction from the firm if the slope of its
marginal abatement cost is flatter than expected.

For a particular firm k, the fourth term on the right hand side of (11) involves the mar-
ginal damage associated with all the other firms’ emissions times the covariances of the
random factor of the slopes of their marginal abatement costs curves with the random factor
of the slope of k’s marginal abatement cost curve. Of course, if the B(g;)’s are independently
distributed this term is equal to zero; however, if they are not independently distributed it

3 Our primary reason for choosing this specification of the problem is that it produces a linear decomposition
of the influences of uncertainty on efficient emissions taxes.
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seems reasonable to assume that they would often vary together. In that case, the fourth
term on the right hand side of (11) is positive, and the impact of this term on k’s tax rate
is to push it further above expected marginal damage. We just noted that asymmetric infor-
mation about the slope of a firm’s marginal abatement cost function will tend to push its
optimal tax above expected marginal damage to exploit the possibility that its marginal
abatement cost function will be flatter than expected. This effect is reinforced if the slopes of
all the firms’ marginal abatement cost functions are positively correlated, because the slope
of a firm’s marginal abatement cost function will tend to be flatter than expected when other
firms’ marginal abatement cost slopes are flatter than expected.

The fifth term on the right hand side of (11) suggests that optimal tax rates may depend
on correlated uncertainty between the damage function and the slope of k’s marginal abate-
ment cost function. We do not have an a priori expectation of how § and B(g;) might vary
together if at all. Let us note, however, that if § and B(ex) are independent of each other, or
if there is no uncertainty in the damage function, Cov(8, f(ex)) = 0. However, if marginal
damage is positively (negatively) correlated with the slopes of marginal abatement costs,
then Cov(8, B(gx)) > (<)0, which implies an increase (reduction) in k’s tax rate.* Perhaps
the most important conclusions concerning uncertainty about the damage function is that the
main results of our paper—that asymmetric information about the slopes of firms’ marginal
abatement costs will tend to make optimal taxes deviate from expected marginal damage and
vary among firms—hold even if there is no uncertainty about the damage function. Moreover,
damage uncertainty affects optimal tax rates only if it is correlated with the uncertainty about
the slopes of polluting firms’ marginal abatement costs.

To explore our result that optimal tax rates may vary across firms, let us simplify the prob-
lem by assuming that the 5 (g;)’s are identically, but not necessarily independently, distributed.
In this case, Var(B(g;)) and Cov(§, B(e;)) are the same for each i, and Cov(B(e;), B(ex)) is
the same for every pair of firms i and k. Then, using (11) we can calculate the difference
between the tax rates for firms k and i as:

te—ti = d [of — Covg | [E (gt xe, 20) — E (@t i, )] (12)

where o2 denotes the variance of each B(ei) and Covg denotes the covariance between
any B(er) and B(g;). Note that individual tax rates will not vary in our example if mar-
ginal damage is constant (i.e., d = 0), which we’ve already mentioned; if the variance
and covariance terms are equal, which is highly unlikely, or if under the optimal policy
the regulator’s conditional expectations of the firms’ emissions are the same. On this last
point, in this example E (¢(#, xi,€;)) = (a; — t;/bij),i = 1,...,n. Then, ty — t; =
d [aé — Covﬂ] [(ax — tx)/br — (a; — t;)/b;]. Therefore, given d # 0 and aé # Covg, the
optimal policy is a uniform tax ¢ if and only if (ay —t/by) = (a; —t/b;) for each pair of firms
and k. This is exceedingly unlikely, except when a regulator has such poor information about
individual firms that it cannot distinguish its estimates of the parameters of their marginal
abatement costs from one another.

4 Stavins (1996) examines how correlated uncertainty in the intercepts of marginal damage and a marginal
abatement cost curve can impact the optimal choice of emissions taxes versus tradable emission permits, a
point that was originally made by Weitzman (1974, footnote 1 on p. 485). In contrast the fifth term in Eq. 11
allows for the possibility that the intercept of the marginal damage function and the slope of a firm’s marginal
abatement cost function may be correlated and indicates how this might impact a firm’s emissions tax.
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4 Conclusion

We have demonstrated that asymmetric information about the slopes of firms’ marginal
abatement costs implies that optimal emissions taxes to control a uniformly mixed pollutant
will generally differ from expected marginal damage. Moreover, this uncertainty leads to
a policy of differentiated taxes, except when regulators do not have any knowledge of the
variation of marginal abatement costs in the population of regulated firms. The extent of the
deviations of optimal tax rates from expected marginal damage and their variation across
firms are empirical matters that should be addressed in each pollution control setting.

Acknowledgements The authors are grateful to Matti Liski and one anonymous referee for their valuable
comments and suggestions. We acknowledge support for this research provided by the Cooperative State
Research Extension, Education Service, U. S. Department of Agriculture, Massachusetts Agricultural Exper-
iment Station, and the Department of Resource Economics under Project No. MAS00871. Partial support was
also provided by Conicyt-Chile, under Project Fondecyt No. 1060679, and Fondecyt International Cooperation
under Project No 7060098.

Appendix: The Derivation of Equation (11)

A firm i’s choice of emissions given a tax ¢; is the solution to —C,(¢;, x;, &) = t;. With (9),
solving for i’s emissions yields
(a;i +ale) —1;)B (i)

qt;, x;, &) = ) , (AD)
:

with expectation

N Rt 1))
E(q(i.xi. &) = — —. (A2)

Moreover, the firm’s marginal response to a change in the tax is

q:(ti, xi, &) = —B(&i) /i, (A3)
with expectation

E (q:(ti, xi, &) = —1/b;. (A4)
Substitute (A3) into Eq. 7 to write firm k’s optimal tax as

_E(D' (X q(, xi, &), 8) (—B(ex) /br))
= "1 /by

E (D (2 ati xi.e0.8) - o) (AS)

Substitute D' (3 q(ti, xi, £).8) = ¢+ 8 +d > q(ti, xi, &) (Eq. 10 in the text) and (A1)
into (A5) to obtain
(ai — 1) E(B(e:)B(ex)) + E (a(ei)B(ei) Bler))

t = E (cB(ex) +8B(ex) +d D - (A6)

Sinceeachw(e;),i =1, ..., n,isindependentofeach B(g;), i = 1,...,n,and E(x(g;)) =0,
E (a(ei)B(ei)B(er)) = 0. Moreover, since E (B(ex)) = 1, and ¢ is a constant, E(cfB(ex) +
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8B(ex)) = ¢ + E (6B (&x)). Finally, from (A2), E (q(t;, xi, &i)) = (a; — t;)/b;. Therefore,
(A6) can be written as

k=c+d Z E(q(ti, xi, €)) E (B(ei)B(ek)) + E (3B (k). (A7)
Using the definition of covariance:

E (B(ei)B(ex)) = Cov(B(ei), B(er)) + E (B(ei)) E (B(er))
= Cov(B(ei), B(er)) + 1, (A8)

and
E (8B(ex)) = Cov(3, B(ex)) + E(S) E (B(ex)) = Cov(3, B(&x)). (A9)
Substitute (A8) and (A9) into (A7) to obtain

k=c+d Z E (q(ti, xi, &) (Cov(B(ei), B(ex)) + 1) + Cov(3, B(ex)).  (AlO)

Again from the definition of covariance, Cov(B(ex), B(ex)) = Var(B(ex)), where Var(B(ex))
is the variance of S(ex). Using this, (A10) can be written as

t=c+d Y E(qt x, ) +dE (qt. xi. &) Var(B(er))

+d ) E (g, xi, &) Cov(B(ei), B(ex)) + Cov(8, Bler)),
ik
which is Eq. 11.

References

Baliga S, Maskin E (2003) Mechanism design for the environment, chapter 7. In Maller KG, Vincent JR (eds)
Handbook of environmental economics, vol 3. Elsevier Science B.V., Amsterdam

Baranzini A, Goldemberg J, Speck S (2000) A future for carbon taxes. Ecological Economics 32:395-412

Baumol WJ, Oates WE (1988) The theory of environmental policy. Cambridge University Press, Cambridge

Bye B, Nyborg K (2003) Are differentiated carbon taxes inefficient? A general equilibrium analysis. Energy
Journal 24:95-112

Dasgupta P, Hammond P, Maskin E (1980) On imperfect information and optimal pollution control. Rev Econ
Stud 47(5):857-860

Hoel M, Karp L (2001) Taxes and quotas for a stock pollutant with multiplicative uncertainty. J Public Econ
82(1):91-114

Hoel M, Karp L (2002) Taxes versus quotas for a stock pollutant. Resour Energy Econ 24(4):367-384

Kwerel E (1977) To tell the truth: imperfect information and optimal pollution control. Rev Econ Stud
44(3):595-601

Laffont JJ (1977) More on prices vs. quantities. Rev Econ Stud 44(1):177-182

Malcomson J (1978) Prices vs. quantities: a critical note on the use of approximations. Rev Econ Stud
45(1):203-207

Moledina A, Coggins J, Polasky S, Costello C (2003) Dynamic environmental policy with strategic firms:
Prices versus quantities. J Environ Econ Manage 45(25):356-376

Newell R, Pizer W (2003) Regulating stock externalities under uncertainty. J Environ Econ Manage 45(2,
Supplement 1):416-432

Quirion P (2004) Prices versus quantities in a second-best setting. Environ Resour Econ 29(3):337-359

Roberts M, Spence M (1976) Effluent charges and licenses under uncertainty. J Public Econ 5:193-208

Stavins R (1996) Correlated uncertainty and policy instrument choice. J Environ Econ Manage 30:218-232

Weitzman M (1974) Prices vs. quantities. Rev Econ Stud 41(4):477-491

Weitzman M (1978) Reply to “Prices vs. quantities: a critical note on the use of approximations” by James M
Malcomson. Rev Econ Stud 45(1):209-210

@ Springer



	A Note on Emissions Taxes and Incomplete Information
	Abstract
	1 Introduction
	2 The Basic Results
	3 The Role of Incomplete Information in the Determination of Emissions Taxes
	4 Conclusion
	Acknowledgements


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (None)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated v2 300% \050ECI\051)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /SyntheticBoldness 1.00
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 524288
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveEPSInfo true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org?)
  /PDFXTrapped /False

  /Description <<
    /ENU <>
    /DEU <>
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [5952.756 8418.897]
>> setpagedevice


